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Latent Topic-Enriched Co-Attention Networks for Domain Classification
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(College of Mathematics and Informatics, South China Agricultural University, Guangzhou, Guangdong 510642, China)

Abstract: Attention-based bidirectional long short-term memory network (BiLSTM) models have recently shown

promising results in text classification tasks. However, when the amount of training data is restricted, or the distri-

bution of the test data is quite different from the training data, some potential informative words are hard to be cap-

tured in training.In this work, we propose a new method to learn co-attention for domain classification. Unlike the

past attention mechanism guided only by domain tags of training data, we leveroge using the latent topics in the data

set to learn topic attention mechanism, and employ it for BILSTM. Then the co-attention is obtained by combining

the topic attention and the network attention.Experiments on the SMP-ECDT benchmark corpus show that the pro-

posed co-attention mechanism outperforms the state-of-the-art soft mechanism, hard attention mechanism and topic

attention mechanism in domain classification, by 2.85%, 1.86% and 1.74% accuracy improvement, respectively.
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